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Generative Pre-trained Transformer

Improving Language Understanding
by Generative Pre-Training

Alec Radford Karthik Narasimhan Tim Salimans Tlya Sutskever
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alec@openai.com Karthikn®@openai.com tim@openai.com ilyasu@openai.com

Figure 1: (left) Transformer architecture and training objectives used in this work. (right) Input
transformations for fine-tuning on different tasks. We convert all structured inputs into token
sequences to be processed by our pre-trained model, followed by a linear+softmax layer.
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